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import pandas as pd, numpy as np

df = pd.read_csv('data/688582.SH.csv").sort_values(‘trade_date")
SHORT, LONG =5, 15

df[f'ma{SHORT}'] = df[‘close"].rolling(SHORT).mean()



df[f'ma{LONG}'] = df[‘close'].rolling(LONG).mean()
df['position'] = (df[f'ma{SHORT}'] > df[f'ma{LONG}]).astype(int) # 1=long, 0=flat
df['buy'] = df['position'].diff().fillna(0) == 1 #0 O
df['sell'] = df['position’].diff().fillna(0) ==-1 #0 O
#00J0000000000000O0O0O0ODOO0OODOOO
cash, shares, holding, entry =1_000_000, 0.0, 0, np.nan
stop_pct, comm, stamp, slip = 0.05, 0.0003, 0.0005, 0.0005
for i in range(len(df)):
p =df['close'][i]
if holding == 1:
if stop_pct>0 and df['low'][i] <=entry*(1-stop_pct): #0O O O0O0O
cash += shares*p*(1-comme-slip-stamp); holding=0; shares=0
elif df['sell'][i]: #O00OODO
cash += shares*p*(1-comme-slip-stamp); holding=0; shares=0
if holding == 0 and df['buy'][i]:
shares = cash // (p*(1+comm+slip)); cash -= shares*p*(1+comm-+slip)
holding, entry =1, p
df[*equity"][i] = cash + shares*df['close'][i]
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oo oo O O oooo oo oo MDD Sharpe oo ooo | 0o
oooo 688582.SH 5 15 12.5% 22.5% -10.0% -28.7% 0.3 34.4% 2.14 32
oooo 688582.SH 5 20 4.5% 22.5% -18.0% -31.2% 0.23 31.8% 2.28 22
oooo 688582.SH 10 30 -38.8% 22.5% -61.3% -41.6% -0.52 11.1% 1.93 18
oooo 688582.SH 10 60 2.0% 22.5% -20.5% -43.0% 0.21 10.0% 9.36 10
oooo 600519.SH 5 15 -40.6% -30.3% -10.2% -40.6% -1.02 19.4% 0.84 36
oooo 600519.SH 5 20 -45.3% -30.3% -14.9% -45.4% -1.33 13.8% 0.97 29
oooo 600519.SH 10 30 -42.71% -30.3% -12.4% -43.1% -1.68 6.2% 1.34 16
oooo 600519.SH 10 60 -24.9% -30.3% 5.5% -30.8% -0.76 7.7% 0.53 13
oooo 300750.5Z 5 15 16.9% -10.5% 27.4% -32.6% 0.3 30.3% 2.76 33
oooo 300750.5Z 5 20 17.7% -10.5% 28.2% -29.1% 0.31 23.1% 4.16 26
oooo 300750.5Z 10 30 56.1% -10.5% 66.6% -27.3% 0.59 27.8% 513 18
oooo 300750.5Z 10 60 32.5% -10.5% 43.0% -28.7% 0.45 50.0% 2.65 6
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oooo 000001.5Z 10 30 -8.9% -24.1% 15.2% -16.7% -0.12 33.3% 1.44 15
oooo 000001.5Z 10 60 -17.3% -24.1% 6.9% -26.9% -0.32 20.0% 137 10
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def backtest(df, short, long, initial=1_000_000.0,
commission=0.0003, stamp_tax=0.0005, slippage=0.0005,
stop_pct=0.05, position_pct=1.0):
df = generate_signals(df, short,long) #00/0000
cash, shares, holding, entry = initial, 0.0, 0, np.nan
for i in range(len(df)):
p = df[‘close'][i]
if holding ==1:
stop =entry * (1 - stop_pct)
ifstop_pct >0and df['low'][i] <=stop: #0000
cash += shares*p*(1-commission-slippage-stamp_tax)
holding, shares=0, 0
elif df'sell'][i]: #O00O0O0O
cash += shares*p*(1-commission-slippage-stamp_tax)
holding, shares =0, 0
if holding == 0 and df['buy'][i]: #0000
shares = (cash*position_pct) // (p*(1+commission+slippage))
cash -= shares * p * (1+commission+slippage)
holding, entry =1, p
df['equity'][i] = cash + shares*df[‘close'][i]
#0000000OMDDODDOOOOOOOOOOO ..
return {'df": df, 'metrics": metrics}
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